Is ChatGPT a Reliable Auxiliary Tool in Basic Life Support

Training and Education? A Cross-sectional Study

Palak Gupta'”, Akhilesh K Pandey?”, Amit Kumar®

Received on: 18 June 2025; Accepted on: 01 August 2025; Published on: 18 August 2025

ABSTRACT

Background and aims: The Basic Life Support (BLS) training forms an integral part of the medical education. Affordable and easily accessible
auxiliary tools can aid in delivering this training to medical professionals. This cross-sectional observational study explored the utility of ChatGPT

in BLS training and education.

Methods: Two authors prompted 30 subjective questions based on pediatric and adult BLS on ChatGPT-4.0 10 times each, generating 600
responses. Responses were rated for accuracy using a five-point Likert scale, and repeatability was analyzed using concordance metrics,
simulating varied user interactions with the chatbot. Statistical analysis was done using STATA version BE 18 software.

Results: The accuracy of ChatGPT-4.0 to BLS-related responses was 48.67%, with a 95% confidence interval between 44.67 and 52.67%. The

findings of the study demonstrated moderate repeatability of ChatGPT.

Conclusion: ChatGPT-4.0 demonstrated moderate repeatability and limited accuracy, suggesting that while it may serve as an adjunctive self-
learning tool, it cannot currently replace traditional instructor-led BLS training. Professionals should critically review and verify the ChatGPT-4.0

content before using it in BLS.
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HIGHLIGHTS

In an era where artificial intelligence (Al) is being rapidly integrated
into healthcare education, this study is one of the few that
critically evaluates ChatGPT-4.0 for its applicability in BLS training.
In resource-constrained or remote learning environments, this
research sets the stage for exploring Al chatbots as cost-effective,
supplementary educational aids.

INTRODUCTION

The advent of Al has revolutionized the healthcare industry and
has seen an exponential surge in its use in the past few years. The
recently introduced Al-based chatbot by OpenAl, ChatGPT, also
known as generative pretrained transformer (GPT), is a software
application that uses a natural language processing model to
generate human-like responses.! The chatbot has immense
potential to produce highly relevant and contextually appropriate
information by processing the enormous corpus of data and
language patterns from the online domain. Its easy accessibility,
high accuracy, and low percentage of false-positive and false-
negative results make it an interesting software for use across
finance, customer service, education, and others, to name a few.?

Since its introduction in 2022, ChatGPT-4.0 has become
increasingly popular in the healthcare industry. The application
of Al has found immense popularity in disease surveillance, its
diagnosis, facilitates clinical training of resident doctors, and health
management within public health systems.? The role of ChatGPT
in diagnostic accuracy and management of oral pathologies,
preoperative planning in orthopedic surgery, and patient education
has been well reported in the literature."* A recent study also
demonstrated the promising role of Al in writing a scientific review
article.®
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An underexplored area of research for ChatGPT is harnessing
its potential as an adjunct tool for basic life support (BLS) training.
The out-of-hospital cardiac arrest (OHCA) is an international health
menace posing a severe mortality risk with a survival rate of 10%
if timely action is not initiated.® Thus, it becomes increasingly
important for healthcare practitioners to be equipped with the
updated guidelines of BLS. The probability of survival of a patient
experiencing cardiac arrest can be maximized by early initiation
of BLS, the fundamentals of which include early and quality
cardiopulmonary resuscitation (CPR), use of an automated external
defibrillator (AED), and post-cardiac arrest care.”

The European Resuscitation Council guidelines of 2021
emphasize the role of BLS training in improving the survival outcomes
of OHCA 2 Conventional BLS training typically involves instructor-led,
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mannequin-based sessions conducted in small groups. Healthcare
providers need to possess a strong foundation in BLS, given the
likelihood of encountering cardiac arrest cases in clinical practice.’
Healthcare providers from low-resource settings usually lack access
to adequate and comprehensive BLS training.'® Thus, it becomes
exceedingly important to have adjuncts readily available to upgrade
and update their knowledge of recent guidelines.

Artificial intelligence-based chatbots like ChatGPT can enhance
the learning outcomes of the BLS providers as they are easily
accessible anywhere, around the clock. The present study aimed
to explore the potential of ChatGPT-4.0 as an adjunctive tool in
providing BLS education and training.

METHODS

A cross-sectional analytical study was conducted using ChatGPT-
4.0. The study adhered to the Strengthening the Reporting of
Observational Studies in Epidemiology (STROBE) guidelines for
cross-sectional studies.

A total of 30 subjective questions related to pediatric and
adult BLS were framed and posted in ChatGPT. The questions
were formulated following the guidelines set according to the
2020 BLS guidelines set by the International Liaison Committee on
Resuscitation (ILCOR). The 30 BLS questions were independently
developed by two authors (Palak Gupta, Akhilesh Kumar
Pandey), both trained in BLS instruction and familiar with ILCOR
2020 guidelines. Eligibility criteria were applied to select the
questions included in the study. The questions were designed to
comprehensively cover key aspects of both adult and pediatric BLS

Table 1: BLS-related questions asked for responses on ChatGPT-4.0

algorithms, incorporating varied clinical scenarios and challenges
as outlined in standard BLS training manuals. The responses to
these questions were evaluated by the same authors for accuracy
and repeatability.

The study used the free version of ChatGPT-4.0 (OpenAl, San
Francisco, CA), which provided core language generation features
without access to premium tools or plugins.

The study hypothesized that ChatGPT-4.0 does not provide
accurate and repeatable BLS responses.

Eligibility Criteria

« Inclusion criteria: Subjective, text-based BLS questions relevant
to pediatricand adult resuscitation as per ILCOR 2020 guidelines.

« Exclusion criteria: Questions requiring image or audiovisual
interpretation were excluded, as ChatGPT-4.0 only processes
text input.

A convenience sample size of 30 questions was prompted, providing
a diverse representation of BLS topics while maintaining manual
manageability, and responses were evaluated in January 2025.

Subjective questions were used to reflect real-world BLS
scenarios, encouraging context-sensitive, open-ended reasoning
similar to viva or simulation questions in medical education. Of
the 64 questions drafted, 30 subjective questions were randomly
selected and posted in the chatbot using individual accounts
(Table 1).

Each question was prompted ten times by both evaluators
(generating a total of 600 responses) to account for the inherent
variability of large language models (LLMs) like ChatGPT and to

Question no. BLS-related questions

1. What is the chain of survival according to BLS?
2. Describe the techniques of compressions in CPR in adults according to BLS.
3. Describe the ventilation procedure in CPR according to BLS.
4. Difference between one-rescuer and two-rescuer ventilation in adults according to BLS?
5. Adult BLS algorithm.
6. Where should the AED pads be placed in adults?
7. Describe the CPR steps for children in one-rescuer and for two-rescuers.
8. Describe the pediatric BLS algorithm.
9. Where should the pulse be checked for in children, infants?
10. Describe the compressions in CPR for children, infants.
11. Where should the AED pads be placed in children, infants?
12. How is mouth-to-mouth rescue breathing done in adults?
13. How is mouth-to-mouth rescue breathing done in infants?
14, What are the signs of choking in adult, children?
15. Management of choking in adult, children.
16. Management of choking in infants.
17. What is the recommended compression to ventilation ratio for pediatrics?
18. You find an unresponsive victim without a pulse and do not have a mask. What is the first step for an untrained responder?
19. You are treating an adult choking victim. They initially can cough, but now are grasping their throat and turning blue. What is
your next step?
20. What is the first step in the assessment of an individual found “down"?
21. CPR s initiated on an adult patient the pulse returns, but he is not breathing. What ventilation rate should be used for the
patient?
22. What are the critical characteristics of high-quality CPR?
23. What are special considerations while using AED?
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Table 1: (Contd...)

Question no. BLS-related questions

24, In case of unwitnessed collapse in children and infants, what should be the first step?

25. What are the proper steps for operating an AED?

26. Why are ventilations delivered to a pediatric arrest victim before seeking assistance in single-rescuer scenarios?

27. You are a daycare provider and find a 3-year-old child who is unresponsive. She had laid down for a nap because she was not

feeling well. When you checked on her, she was not breathing and appeared blue. You are by yourself. The child begins to
breathe spontaneously at a rate of 18. Her pulse is 50. What is your next step?

28. A 65-year-old male is on a short ladder changing a light and suddenly collapses. He is unresponsive. What is the first step?
29. You are performing CPR as a lone rescuer on a 60-year-old female patient. Where is the ideal position for you around the

patient as a lone rescuer?

30. A 49-year-old female suffers a witnessed cardiac arrest. She has a known cardiac history per her family. You notice a bulge in the
upper left chest under the skin. There is a healed scar overlying that bulge. What consideration should be taken in account for

using the AED?

AED, automated external defibrillator

S

Describe the ventilation procedure in CPR according to BLS

& |n Basic Life Support (BLS), ventilation is a key part of
performing CPR, especially when providing rescue breaths
after chest compressions. Here's how the ventilation
procedure is done:

1. Open the airway:
» Use the head-tilt, chin-lift method to open the airway.
This involves tilting the person's head back gently by
lifting their chin and pushing their forehead down.

 For suspected spinal injuries, use the jaw-thrust method
without tilting the head.

2. Provide rescue breaths:

« After performing 30 chest compressions, give 2 rescue breaths.

* Pinch the victim's nose closed, and make a seal over their
mouth with your mouth.

» Each breath should be delivered over 1 second, just enough
to make the chest visibly rise.

« Avoid overventilation (giving too much air or breathing too
forcefully), as it can cause air to enter the stomach, leading
to complications like vomiting.

Fig. 1: ChatGPT-4.0 response to BLS question

simulate multiple user interactions (Fig. 1). The responses were
obtained by selecting a new chat for each question. Responses
were independently evaluated by two expert reviewers using
a five-point Likert scale (Table 2), where 1 indicated a harmful
or incorrect answer and 5 indicated a fully accurate, guideline-
consistent response. The proportion of such responses was used
to calculate overall accuracy, expressed as a percentage using the
Wald binomial method.

Similarly, the repeatability of the answers was recorded by
assessing whether the chatbot could reproduce the same answer
for each question prompted in ChatGPT.
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3. Check for chest rise:
« After delivering each breath, watch the chest to ensure it rises,
which indicates that air is reaching the lungs.
« If the chest does not rise, reposition the head and try again.

4. Resume compressions:
« After giving the 2 rescue breaths, immediately resume chest
compressions with a ratio of 30 compressions to 2 breaths.

In some cases, such as with advanced airway management
(e.g., endotracheal tube or supraglottic airway), continuous
chest compressions are performed while giving 1 breath
every 6 seconds without pausing compressions.

All the answers were tabulated in a spreadsheet (Excel version
16; Microsoft Corp.).

The 30 BLS questions were divided into six groups of five
questions each. One group was prompted per day, and each
question was repeated five times on the same day and five times
again the following day. All repetitions were conducted in separate
chat windows at different times of day to minimize contextual bias
and simulate varied user interactions (Fig. 2).

Repeatability for each of the 30 questions was reported as
relative frequency (N) and absolute percentage (%) (Table 3). Each
question was repeated a total of 20 times (10 times by each expert).
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Here, N denotes the responses, that is, the total number of times
the question was given that score based on the Likert scale. A single
question has multiple points on the Likert scale, showing that the
prompts reflected variability across iterations.

Bias was minimized by using new chats for each prompt to avoid
contextual learning by the chatbot. To minimize evaluator bias,
expert reviewers independently assessed the responses without
access to each other’s ratings.

Primary Outcome

To evaluate the accuracy of the BLS responses generated from
ChatGPT-4.0.

Table 2: Five-point Likert scale for assessing the accuracy of ChatGPT-4.0
response

Secondary Outcome
To evaluate the repeatability of the BLS responses generated from
ChatGPT-4.0.

Accuracy was determined using the Wald binomial method.
Repeatability was assessed through concordance analyses
weighted for ordinal categories and multiple repetitions of the
gradings given by the experts (including percentage agreement,
Brennan and Prediger coefficient, Conger generalized Cohen'’s
kappa, Fleiss kappa, Gwet AC, and Krippendorff alpha) along with
their corresponding 95% confidence intervals. The estimated
coefficients were classified according to the benchmark scale
proposed by Gwet in 2014. All analyses were conducted using a
statistical software program (Stata Statistical Software: Release BE
18. StataCorp LLC, College Station, TX, USA).

The study was performed following the ethical standards as
laid down in the Declaration of Helsinki 2024. However, ethical
approval was not required as the study did not involve human/

This study did not involve any clinical trial, human participants,
or animals subjected to an intervention, with or without control
or comparison groups. As it was an observational virtual study
evaluating Al-generated responses, CTRI registration was not

A total of 600 responses were generated in the ChatGPT software
by both evaluators for 30 questions. The evaluators were medical

Eligibility criteria
Inclusion criteria
Subjective, text-based
BLS questions relevant to

pediatric and adult

Level of accuracy ~ Description
1. Major errors; potentially harmful to patient care. ~ a@nimal participants.
2. Majority of information is incorrect or majority
of important information is missing.
3. Overall acceptable response, but contains
partially incorrect or missing information. applicable and therefore not sought.
4. Good quality response, a few minor
inaccuracies or missing information. REesuLTs
5. Entirely correct/accurate answer, no relevant
information to add.

64 subjective questions reflecting BLS scenarios framed, 30
questions randomly selected covering adult, pediatric BLS
algorithm incorporating clinical scenarios and challenges in

BLS training (n = 30)
Enrollment ‘

resuscitation as per

| 30 BLS questions divided into six groups of five questions each

ILCOR 2020 guidelines

v

Exclusion criteria
Questions requiring image

Evaluator 1: PG ‘

One group of five questions prompted each day. Each question
was repeated five times in a day

or audiovisual interpretation
were excluded, as
ChatGPT-4.0 only

v

processes text input.

Evaluator 2: AKP

Same group with same set of five questions was prompted the following day.
Thus compiling total of 10 responses of each question of the 1st group (five questions each)
in two days

I

Similarly, the responses of other five groups were collected over next 10 consecutive days

|

Total of 600 responses were generated, 300 obtained from each evaluator over 12
consecutive days from separate chatbots.

!

Free version of ChatGPT-4.0
(OpenAl, San Francisco, CA)
used to generate response
to 30 BLS questions over
12 consecutive days

Responses were evaluated using a five-point Likert scale for accuracy and repeatability
of the BLS responses generated from ChatGPT-4.0.

Fig. 2: Flowchart of the study
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faculty members (assistant professors) with certifications in BLS, and
both had prior experience in clinical teaching and emergency care
training. The frequency distribution of expert grading for ChatGPT
responses is shown in Table 3.

Table 3: Distribution of expert grading for ChatGPT-4.0 answers

Response
/ ] 1l v v Total
Question N (%) N(%)  N(%) N (%) N (%) N (%)
1. 0 0 19(95) 1(5 0 20 (100)
2. 0 0 1(5) 15(75) 4(20) 20 (100)
3. 0 0 9(45) 11(55) 0 20 (100)
4. 0 0 14(70)  6(30) 0 20 (100)
5. 0 0 9 (45) 6 (30) 5(25) 20 (100)
6. 0 0 4(20) 6(30) 10(50) 20 (100)
7. 0 4(200 10(50) 5(25) 1(5) 20 (100)
8. 0 0 12 (60) 8 (40) 0 20 (100)
9. 0 0 7(35) 13(65) 0 20 (100)
10. 0 0 5(25) 14(70) 1(5) 20 (100)
11. 0 0 0 8(40) 12(60) 20 (100)
12. 0 0 0 11(55) 9(45) 20 (100)
13. 0 0 6(30) 3(15) 11(55) 20 (100)
14. 0 0 0 4(20) 16(80) 20 (100)
15. 0 0 1(5) 15 (65) 4(20) 20 (100)
16. 0 1(5) 2(10) 11(55) 6 (30) 20 (100)
17. 0 0 0 0 20(100)  20(100)
18. 0 0 0 0 20(100) 20 (100)
19. 0 0 0 6(30) 14(70) 20 (100)
20. 0 0 0 1(5) 19 (95) 20 (100)
21. 0 0 1(5) 6(30) 13(65) 20 (100)
22. 0 0 5(25) 12(60) 3(15) 20 (100)
23. 0 0 10(50) 7(35) 3(15) 20 (100)
24. 0 0 5(25) 5(25) 10(50) 20 (100)
25. 0 0 0 5(25) 15(75) 20 (100)
26. 0 0 1(5) 4(20) 15(75) 20 (100)
27. 0 5(25) 10(50) 4(20) 1(5) 20 (100)
28. 0 0 1(5) 6(30) 13(65) 20 (100)
29. 0 0 0 8(40) 12(60) 20 (100)
30. 0 0 0 6(30) 14(70) 20 (100)

N, number of responses. Each question was repeated a total of 20 times
(10 times by each expert). Here, N denotes the responses, that is, the total
number of times the question was given that score based on the Likert
scale. A single question has multiple points on the Likert scale, showing
that the prompts reflected variability across iterations

The table highlights that the experts rated ChatGPT’s responses
predominantly in the higher score range (grades IV and V) for
many questions. For instance, questions 17, 18, and 20 received
consistent ratings of grade V from both evaluators. The presence
of scores around grade lll for questions such as question 7 (50% at
grade lll) indicates a middle-ground performance where responses
were adequate but not exemplary. Questions such as 16 and 27
demonstrated a wider distribution of ratings, including lower scores
like grade Il. This suggests these responses were perceived as less
satisfactory, potentially due to the complexity of the question or
limitations in ChatGPT’s generated content.

Each question was graded 10 times by both experts, resulting
in 20 evaluations per question on a five-point Likert scale. Using
the Wald binomial method, the calculated accuracy was 48.67%,
and the 95% confidence interval was between 44.67 and 52.67%.
An answer was considered accurate only if it received a score of
5 on the Likert scale.

The repeatability percentage varied from 0 to 100%, with only
two questions showing 100% repeatability with entirely correct
answers. Table 4 evaluates the consistency of expert grading for
ChatGPT's responses across multiple repetitions, employing various
reliability coefficients to capture repeatability (Fig. 3).

Discussion

In recent years, there has been a remarkable interest in utilizing Al,
like LLMs, particularly ChatGPT, in the medical field. The potential

Percent agreement

Brennan

and Prediger
Cohen/Conger’s
Kappa

Scott/Fleiss’ Pi

Method

Gwet's AC

Krippendorff's Alpha

T T
0.0 0.1 0.2 0.3 0.4

Coefficient with 95% confidence interval

Fig. 3: Repeatability assessment of ChatGPT-4.0 responses in BLS
questions

Table 4: Repeatability assessment for 10 repetitions of 30 questions each generated by ChatGPT-4.0, based on two experts grading

Methods Coefficient SE 95% LCI uca p-value Benchmark scale
Percent agreement 0.41 0.02 0.36 0.46 0.000 Moderate
Brennan and Prediger 0.22 0.04 0.14 0.29 0.000 Fair
Cohen/Conger’s Kappa 0.14 0.04 0.06 0.21 0.000 Slight
Scott/Fleiss'Pi 0.11 0.04 0.02 0.19 0.011 Slight

Gwet's AC 0.25 0.04 0.17 0.32 0.000 Fair
Krippendorff's Alpha 0.11 0.04 0.03 0.19 0.010 Slight

Benchmark scale: Poor < 0.00, Slight 0.00 - 0.20, Fair 0.20 — 0.40, Moderate 0.40 - 0.60, Substantial 0.60 — 0.80, Almost Perfect 0.80 — 1.00; LCI, lower
confidence interval; SE, standard error; UCI, upper confidence interval. Each concordance coefficient here quantifies repeatability across repeated
prompts and evaluator ratings. Multiple methods were used to ensure robustness
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for such chatbots in preoperative planning, intraoperative
management, and postoperative rehabilitation cannot be
underestimated.' These LLMs have the potential to provide
quick and reliable diagnostic data, which can help in formulating
management strategies promptly, thereby reducing fatigue
and improving the efficiency of the healthcare professionals."
Leveraging their promising potential, the present study investigated
the prospective use of ChatGPT as an adjunct tool in imparting BLS
education.

The American Heart Association recommends that all
healthcare professionals acquire BLS training, as high-quality CPR
significantly improves outcomes in cardiac arrest.'” Despite its
inclusion in medical curricula, many practitioners still lack practical
proficiency.*"*ChatGPT, by simulating BLS scenarios and providing
accessible feedback, may help bridge this training gap, especially
in resource-constrained settings. Though cardiac arrest cases are
rare in dental clinics, all practitioners need to stay updated and
regularly trained in the latest BLS guidelines.!>'6

Lack of adequate resources, financial constraints, pandemics
like COVID-19 have paved the way for Al tools like ChatGPT to be
used as adjuncts for BLS teaching, where traditional instructor-led
and mannequin-based group teaching is not feasible.5'

This cross-sectional analytical evaluation was designed to
assess the accuracy and repeatability of ChatGPT-4.0 in responding
to BLS training questions. The rationale behind choosing a
chatbot-based design was its increasing accessibility in medical
education, especially in resource-limited settings. Given the
critical nature of BLS, we aimed to test ChatGPT's utility as a
potential adjunctive learning tool, rather than a replacement for
conventional training.

The results of this study showed 48.67% accuracy, which is
comparable to the results obtained by Suarez et al. (57.33%)."8 The
findings are also consistent with the results reported by Alqudah
etal. (59.8%), where they evaluated the accuracy and reproducibility
of ChatGPT responses to patient-based questions in Ophthalmology.'®

Batool et al. compared two different chatbots (embedded GPT
model vs ChatGPT) in delivering postoperative dental care. The
ChatGPT achieved an accuracy of 52.5%, aligning closely with the
findings of our study.?°

The findings of the study demonstrated moderate repeatability,
which is similar to the findings reported by Franc et al.?' The authors
studied the efficacy of ChatGPT in performing triage of simulated
patients using the simple triage and rapid treatment protocol and
reported an accuracy of 63.9%, repeatability of 14%.

Jedrzejczak et al. compared different versions of ChatGPT (3.5,
4, 40 mini, 40, 401 mini, and 401 preview) to test the physiology
and electrophysiology of hearing. The authors reported improved
chatbot accuracy with each version, varying from 53% for version
3.5 and improving significantly to 86% for version 401 preview. The
evaluation of repeatability in terms of Cohen’s Kappa demonstrated
varied results ranging from 0.71 for the 3.5 version to 0.92 for
the 40.%2

The findings of the present study align with those reported
by Yolanda Freire et al.,?®> who reported ChatGPT’s variable
performance in generating content for dental education, specifically
in prosthodontics. The authors concluded that there was limited
accuracy and moderate repeatability, supported by the distribution
of expert ratings and the variability in the repeatability assessment.

Several studies conducted in orthopedics, urology, pathology,
and plastic surgery have reported varying results regarding the

Indian Journal of Critical Care Medicine, Volume 29 Issue 8 (August 2025)

accuracy and reliability of ChatGPT.2* The accuracy of the chatbot
ranges from 59.4 to 81%.2* The variation could be due to using
different versions of the chatbot, prompting close-ended questions,
studies evaluating only multiple-choice questions, and using the
same chat window for assessing all the responses. However, in
our study, the authors randomly chose 30 out of 64 open-ended
questions. The authors evaluated their responses, each with a
new chat window using the same ChatGPT-4.0 version, thereby
eliminating potential bias.

One notable factor contributing to the variability in responses
was the way prompts were phrased. Since the questions were
open-ended and subjective—intended to reflect real-life clinical
situations—they inherently allowed for a broader range of
interpretations by the Al. Even minor differences in wording or a
lack of specificity could lead to significant variation in the responses
generated. This underscores the need for careful construction of
prompts—ensuring clarity, precision, and context—when using Al
tools for educational purposes. For ChatGPT to serve as a reliable
learning tool in medical education, it must demonstrate consistent
accuracy and repeatability.

With the remarkable ability of ChatGPT to clear medical school
examinations like the United States Medical Licensing Examination,
it has found application in the medical field, including facilitating
diagnosis, improving telemedicine services, enhancing the
efficiency of clinical processes, reducing financial constraints, and
supporting research and enhancing teaching.>%

ChatGPT’s accessibility and ability to generate simplified
explanations make it a promising tool for educating non-medical
individuals in essential life-saving skills. In areas where traditional
BLS training is unavailable or unaffordable, Al chatbots could serve
as supplementary, on-demand learning resources. It has also been
shown to provide more detailed answers than the explanations
given in the ACLS exam key.?® The use of Al, like virtual reality, can
alsobe used as an adjunctaidin learning in cases of pandemics like
COVID-19, where face-to-face mannequin teaching is not feasible.®
In remote areas where affordable education is not feasible, chatbots
like ChatGPT can be used as self-learning tools to improve clinical
skills and feedback mechanisms by providing simulation-based
case scenarios in BLS training.

Using deep learning techniques, ChatGPT effectively retrieves
information from multiple sources to deliver reliable answers
to users. Furthermore, it enhances medical students’ practical
experience by replicating scenario-based settings through
situational simulations. It can access the latest literature and
clinical guidelines to deliver evidence-based best practices to
healthcare professionals. This supports the identification of up-to-
date operational procedures and the improvement of existing
protocols.?’ The amalgamation of Al in medicine marks a future
frontier defined by merging technological innovation with medical
advancements. This interdisciplinary collaboration fosters technical
progress and enhances the intelligence and efficiency of medical
treatment.

With significant advances in the Al algorithm, these chatbots
have demonstrated significant potential in assisting clinical
medicine, not without significant challenges of “hallucination” or
“stochastic parroting”. ChatGPT can sometimes generate plausible
but incorrect information, including fabricating bibliographic
references or providing inaccurate data, which poses ethical and
legal challenges, potentially compromising the integrity of clinical
practice and patient safety.3° The menace of these “hallucinations”
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isaugmented by various factors such as the quality of training data,
model architecture, ambiguous question phrasing, and inherent
variability.>'

Although the distinct advantages of ChatGPT in medical
education are undeniable, overreliance on it may lead to reduced
critical thinking skills, creativity, and increased complacency.

ChatGPT has shown encouraging results as a self-learning tool
in preparing for BLS and Advanced Cardiovascular Life Support
(ACLS) exams; however, it fails to provide a real-time and immersive
experience, thereby questioning its role as the primary means of
BLS education.®®

Considering the moderate accuracy and repeatability drawn
from the study for the BLS training and education, itis recommended
that ChatGPT cannot replace the conventional instructor-led and
mannequin-based group teaching and should be used under the
guidance of a specialist. However, it has demonstrated potential to
be used as an adjunct and a self-learning tool with future diverse
research and improvement in the chatbot.

One of the key strengths of this study is the evaluation of 600
responses using a five-point Likert scale, independently rated by
two trained experts. This rigorous method ensured consistency
and reliability in assessing both accuracy and repeatability. In
addition, the study addresses BLS—a critical skill relevant not
only to healthcare professionals but also to the general public.
By evaluating the use of Al tools like ChatGPT in BLS education,
this work highlights their potential to improve accessibility and
outreach, especially in resource-limited or underserved settings.

The study has some limitations. A primary concern is the
variability in ChatGPT’s response accuracy and consistency.
This variability may result from several factors, including the
unpredictable nature of LLMs, the broad and open-ended prompts,
and the chatbot’s changing knowledge base. ChatGPT’s responses
may differ even when identical prompts are used, raising concerns
about its reliability as a consistent educational aid. Subjectivity
in Likert scoring may have influenced response grading, although
independent, blinded evaluations were performed to minimize bias.
In addition, it should be considered that the responses of ChatGPT
are not expert-derived or evaluated by the experts; they are merely
projections of the database results. Although future updates to
the model may enhance accuracy, this study did not evaluate
performance across different model versions. Future research,
particularly in collaboration with BLS educators, is warranted to
refine the use of Al chatbots in clinical training.

CONCLUSION

ChatGPT-4.0 demonstrates potential as a supplementary self-
learning tool in BLS training. However, due to limited accuracy
(48.67%) and moderate repeatability, it cannot currently substitute
conventional BLS training methods. Its use should remain guided
and critically appraised by educators and clinicians.
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